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> Input: image f taken under unknown light source.

> Objective: image f, as it appears under a canonical light.

Input images:
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> ethod: Assuming uniform illumination, estimate the

color of the light source, followed by color correction

using diagonal transformation. Any illuminant estimation

method can be used, e.g. White-Patch, Grey-World,

Shades-of-Grey, Grey-Edge, 2"d-order Grey-Edge [1].

Research questions:

1) Can illuminant estimation be improved by explicitly
using 3D scene geometry?

2) Do different regions contribute equally to accurate
estimation of the color of the light source?
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» Stages: 3D geometry models of a scene [2].
» Examples:

background +ground

sky+background+ground

> The proposed method consists of the following steps:
Offline: | ground truth is known.
Output image: > Train stage classifier (e.g. baseline of the Pascal |
Visual Object Classes Challenge [3]). |
. > Learn optimal algorithm for every stage and segment. |
T, Online:

stages, e.g. “sky-ground”.

m > Extract features for input image. ) Input Grey-World
> Classify input image into one of the 7—?—“
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> Process different segments of the ou"d '

classified stage independently, either _

Evaluation on a subset of [4]: 711 images for which |

» Angular error: median angular distance between

estimated illuminant g and ground truth yy:
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> Comparlson to state-of- the art:

Evaluation:Stal
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Stage classification on data set used for color constancy. l regions improves state-of-the-art color constancy

> Performance measure: average precision (AP) methods with 14% (over 31% using ideal classifier).
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» Taking into account 3D scene geometry improves
state-of-the-art color constancy methods with 8%
(12% using ideal classifier).

» Assigning different weights to different geometric




